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Lampiran 1 Surat Keputusan Dekan

Nomor K/UBL/FEB/000/018/02/25
Tentang Nama—Nama Dosen Fakultas Ekonomi Dan Bisnis Universitas Budi Luhur Yang Ditugaskan
Melaksanakan Kegiatan Tri Dharma Perguruan Tinggi Semester Genap Tahun Akademik 2024/2025

No. NIP NIDN Nama Dosen Program Studi
1 210009 0301035601 | Selamet Riyadi Doktor Ilmu Manajemen
2 840002 0013116003 | Setyani Dwi Lestari Doktor Ilmu Manajemen
3 100025 0305056002 | Heni Iswati Doktor Ilmu Manajemen
4 920005 0021026601 | Slamet Mudjijah Doktor IImu Manajemen
5 050029 0306047502 | Yugi Setyarko Doktor Ilmu Manajemen
6 100032 0119097101 C. Zurnali Magister Manajemen
7 160059 0302126803 | Etty Susilowati Magister Manajemen
8 180015 0508056201 | Hamin Magister Manajemen
9 120072 0304017502 | Ifan Haryanto Magister Manajemen
10 010046 9903016502 Mu’ man Nuryana Magister Manajemen
11 100031 0304036702 Nora Andira Brabo Magister Manajemen
12 990026 8826823420 | Suhartono Magister Manajemen
13 220009 0314046502 | Sundari Soekotjo Magister Manajemen
14 990026 8826823420 | Suhartono Magister Manajemen
15 000047 0304077102 | Amir Indrabudiman Magister Akuntansi
16 120060 0325116103 | Ali Sandy Mulya Magister Akuntansi
17 170020 0317087801 | Agoestina Mappadang Magister Akuntansi
18 840008 0327078702 | Puspita Rani Magister Akuntansi
19 230016 0329118901 Riyan Harbi Valdiansyah Magister Akuntansi
20 980013 0331077801 | Agus Sriyanto Manajemen (S1)

21 980007 0310107404 | Aris Wahyu Kuncoro Manajemen (S1)

22 140012 0315057904 | Astrid Dita Meirina Hakim Manajemen (S1)

23 970021 0302047102 | Dwi Kristanto Manajemen (S1)

24 240035 0321067504 | Deden Kurniawan Manajemen (S1)

25 110045 0313038106 | Elizabeth Manajemen (S1)

26 180052 0317058406 | Eryco Muhdaliha Manajemen (S1)

27 170091 0313068909 | Farida Ayu Avisena Nusantari Manajemen (S1)

28 190027 0328027309 | Feby Lukito Wibowo Manajemen (S1)

29 120099 0330057401 Hakam Ali Niazi Manajemen (S1)

30 930005 0312023001 | Hari Subagio Manajemen (S1)

31 130032 0315117204 | Hasan Ipmawan Manajemen (S1)

32 099038 0301047702 | Idris Manajemen (S1)

33 160025 0301129102 | Ivo Rolanda Manajemen (S1)

34 210028 0311079701 | Justin Bongsoikrama Manajemen (S1)

35 220059 - Julian Bongsoikrama Manajemen (S1)
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NIP NIDN Nama Dosen Program Studi
36 000030 8918710021 | Kartini Istikomah Manajemen (S1)
37 050024 0313037706 | Koen Hendrawan Manajemen (S1)
38 910024 0319056401 Marsin Manajemen (S1)
39 130045 0301076603 | Maulida Khiatuddin Manajemen (S1)
40 110044 0016126606 | Maruiji Pakpahan Manajemen (S1)
41 000022 0302045901 Mia Laksmiwati Manajemen (S1)
42 120037 0316096101 Muhammad Jusman Syah Manajemen (S1)
43 920023 0311056701 Pambuko Naryoto Manajemen (S1)
44 180051 0307037004 | Panca Maulana Manajemen (S1)
45 130052 0308028202 | Qodariah Manajemen (S1)
46 160024 0328087904 | Ravindra Safitra Hidayat Manajemen (S1)
47 160045 0301119201 Retno Fuji Oktaviani Manajemen (S1)
48 130046 0303098103 | Rina Ayu Vildayanti Manajemen (S1)
49 | 900029 0329057305 | Said Manajemen (S1)
50 030570 0309038404 | Sugeng Priyanto Manajemen (S1)
51 950022 0310076901 | Syaiful Anwar Manajemen (S1)
52 940005 0313107101 | Widi Wahyudi Manajemen (S1)
53 970009 0306067002 | Yuni Kasmawati Manajemen (S1)
54 120092 0324126804 | Yuphi Handoko Manajemen (S1)
55 000017 0325066804 | Zulvia Khalid Manajemen (S1)
56 080053 0303048501 | Anissa Amalia Mulya Akuntansi (S1)
57 090018 0302128603 | Desy Anggraeni Akuntansi (S1)
58 020029 0429118301 Desy Mariani Akuntansi (S1)
59 030002 0329076801 Dicky Arisudhana Akuntansi (S1)
60 870018 0303066805 | Endah Sri Wahyuni Akuntansi (S1)
61 130031 0326067801 | Indah Rahayu Lestari Akuntansi (S1)
62 120094 0324126401 | Isa Ansori Akuntansi (S1)
63 980009 0307018004 | Martini Akuntansi (S1)
64 170044 0325068202 | Melan Sinaga Akuntansi (S1)
65 000039 0301117604 | Muhammad Nuur Farid Thoha Akuntansi (S1)
66 080054 0313018601 | Prita Andini Akuntansi (S1)
67 090011 0312026907 | Rachmat Arif Akuntansi (S1)
68 | 960024 0303057504 | Rinny Meidiyustiani Akuntansi (S1)
69 010024 0307087706 | Rismawandi Akuntansi (S1)
70 170045 0308068801 | Roza Fitriawati Akuntansi (S1)
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71 090004 0302037205 | Sri Rahayu Akuntansi (S1)

72 160048 0306048903 | Suryani Akuntansi (S1)

73 150013 0301098801 | Tio Prasetio Akuntansi (S1)

74 160037 0326059401 | Triana Anggraini Akuntansi (S1)

75 020068 0305078001 | Wahyumi Ekawanti Akuntansi (S1)

76 970028 0424097802 | Wuri Septi Handayani Akuntansi (S1)

77 070013 0305098102 | Didik Hariyadi Raharjo Manajemen Bencana (S1)
78 220051 8955170023 | Abdul Haris Achadi Manajemen Bencana (S1)
79 230013 0323049701 | Hayatul Khairul Rahmat Manajemen Bencana (S1)
80 160031 0316059204 | Tagwa Putra Budi Purnomo Sidi Manajemen Bencana (S1)
81 220017 0309049502 | Fathin Aulia Rahman Manajemen Bencana (S1)
82 220044 0412058903 | Ayu Wahyuningtyas Manajemen Bencana (S1)
83 040001 0316127702 | Doddy Wihardi Pariwisata (S1)

84 | 240027 - Debi Rusmiati Pariwisata (S1)

85 | 240033 - Gusti Panca Pariwisata (S1)

86 | 240026 - Ghifary Ramadhan Pariwisata (S1)

87 | 240034 - Jasmine Qur'ani Pariwisata (S1)

88 130048 0321038301 | Achmad Syarif Sekretari (D3)

89 140042 0320086902 | Fenti Sofiani Sekretari (D3)

90 | 990019 0302017401 | Iis Torisa Utami Sekretari (D3)

91 070022 0318098501 | Reni Hariyani Sekretari (D3)

92 150045 0321038903 | Rizky Eka Prasetya Sekretari (D3)
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KEY DRIVERS OF LIVE STREAMING
ADOPTION: AN EMPIRICAL ANALYSIS
USING THE UTAUT MODEL

Retno Fuji Oktaviani
Universitas Budi Luhur, Indonesia

Abstract: This study is important considering the rapid adoption of live
streaming technology in the fashion industry, which has become a primary tool
for boosting sales. Understanding the factors influencing fashion vendors' use
of this technology is crucial, as it can help businesses and marketplace plat-
forms design more effective and interactive marketing strategies. This research
examines how behavioral intention affects the actual use of live streaming
technology, while also considering the moderating role of gender in the rela-
tionships between these variables. The study adopts a quantitative approach,
collecting data through a questionnaire survey. The population for this re-
search consists of fashion vendors who actively use live streaming features on
marketplaces such as Shopee, Tokopedia, and Lazada in the Tanah Abang
area. Purposive sampling was employed as the sampling technique, as the
study requires fashion vendors who meet specific criteria, namely, those who
have used live streaming technology to sell their products on marketplaces. As
a result, the sample size amounted to 211 participants. Data analysis was con-
ducted using Partial Least Squares Structural Equation Modeling (PLS-SEM)
with the assistance of SmartPLS software to test the model’s validity and the
relationships between variables. The findings show that trust significantly af-
fects performance expectancy and effort expectancy. Both performance expec-
tancy and effort expectancy significantly influence behavioral intention, and
behavioral intention, in turn, positively affects the actual use of live streaming.
This study offers new insights into how gender differences influence fashion
vendors' perceptions and decisions when using live streaming technology as a
marketing tool. Furthermore, it provides a deeper understanding of how trust
in technology can strengthen performance and effort expectancies, ultimately
enhancing behavioral intention and the actual use of live streaming technol-

ogy.

Keywords: Behavioral Intention, Effort Expectancy, Live Streaming, Perfor-
mance Expectancy, Trust
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INTRODUCTION

In recent years, live streaming as a market-
ing and sales tool has experienced rapid growth.
Live streaming offers a more interactive and dy-
namic experience for sellers and buyers, allowing
sellers to showcase products in real-time, engage
with the audience, and answer questions instantly.
This trend has been widely adopted by businesses
of all sizes to boost sales and expand market reach.
Particularly during the COVID-19 pandemic, live
streaming became a crucial strategy for businesses
to maintain operations amidst physical restrictions
and the decline of conventional trade (Ma et al.,
2024). Research has shown that live streaming in-
creases consumer trust, as customers can view pro-
ducts firsthand and receive detailed information
from the seller (Song et al., 2023). Additionally, it
allows sellers to build emotional connections with
their audience, which can, in turn, enhance custo-
mer loyalty (Zhou et al., 2021). More specifically,
the live streaming phenomenon also significantly
impacts the Micro, Small, and Medium Enterpris-
es (MSMEs) sector, especially clothing traders.
MSME:s in this sector face challenges, such as
tight competition, limited market access, and lim-
ited capital (Li et al. 2018). By adopting live
streaming, SME clothing traders can overcome
several of these obstacles (Chen et al., 2024a).
They can leverage digital platforms to showcase
their products to a wider audience, without the
high costs of opening a physical store or marketing
products conventionally (Yang et al., 2024). This
is in accordance with a study that states that
MSMEs that utilize live streaming can experience
an increase in sales of up to 30% compared to tra-
ditional marketing methods (Singh et al., 2021).

Several recent studies have documented the
growing importance of live streaming in e-com-
merce. For example, a report by Chui et al. (2023)
found that live streaming increased online retail
sales by 40% in Southeast Asia, with significant
growth in platforms like Shopee and Lazada,
where live streaming sessions now account for
nearly 15% of total sales. Additionally, a study by
Pu (2023) highlighted that the live streaming mar-
ket in China alone reached over $60 billion in
2021, with over 400 million viewers, signaling a
global shift towards this form of digital commerce.
In Indonesia, a 2023 survey by Statista revealed
that 52% of online shoppers had partici-pated in a

live streaming session, and 63% of them pur-
chased directly through these sessions. This can be
supported by data released by Coresight Research
in 2023, which shows an increase in the use of live
streaming from several platforms on social media
and marketplaces. The popularity of livestream
shopping platforms in the United States is now in-
creasing, with YouTube in the top position as the
most favorite platform chosen by 30.2 % of re-
spondents. Followed by Facebook Live, which
was chosen by 29.2% of respondents, and Insta-
gram Live, with 28.9% of respondents. Amazon
Live and TikTok are also used, although they have
lower percentages, namely 20.7% and 19.8% re-
spectively. The high popularity of livestream plat-
forms as a place to shop in the United States has
had an impact domestically and globally, includ-
ing in developing countries such as Indonesia.
This trend has caused platforms such as YouTube,
Instagram, TikTok, and other widely used market-
places in Indonesia to be increasingly used for
buying and selling via livestream.

Indonesian consumers, highly interested in
video content and direct interaction with sellers,
are increasingly encouraged to use livestream plat-
forms for online shopping. In proving the above
conditions, the GMV value on several market-
places significantly increases by utilizing the live
streaming feature on their applications. E-com-
merce data with the largest Gross Merchandise
Value (GMV) in Southeast Asia for 2023, Shopee
is at the top with GMV reaching 55.1 billion USD,
far surpassing its other competitors. In second
place is Lazada, which has 18.8 billion USD, fol-
lowed by TikTok Shop and Tokopedia, which rec-
orded a GMV of 16.3 billion USD. Bukalapak fol-
lows with 5.7 billion USD, while Blibli, Amazon,
and Tiki have much smaller transaction values,
namely 1.9 billion USD, 400 million USD, and
200 million USD.

Shopee dominates the e-commerce market
in Indonesia, given its large user base and frequent
promotions that attract consumers nationwide.
Shopee's popularity as a major e-commerce plat-
form in Indonesia contributes significantly to the
high GMV figures in Southeast Asia. In addition,
the presence of Tokopedia as part of the Indone-
sian e-commerce ecosystem also shows that the
Indonesian market has a major influence on con-
tributing to GMV in this region. Ensuring the most
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popular sales categories of e-commerce sites, bas-
ed on data from the We Are Social survey (2024),
shows that fashion is second in meeting online
shopping needs. Survey data by We Are Social
(2023) shows the estimated annual spending data
for various categories of e-commerce consumer
goods in Indonesia in January 2024. The fashion
category ranks second highest, total spending
reaching $5.49 billion USD. Despite the large fig-
ure, the fashion category experienced a 2.0% de-
cline compared to the previous year, equivalent to
a $110 million USD decline. The high spending in
the fashion category shows that fashion remains
one of the main needs of e-commerce consumers
in Indonesia, especially among the younger gener-
ation who tend to be more interested in modern
trends and lifestyles. Despite the slight decline,
demand for online fashion remains strong, sup-
ported by the trend of practical shopping, easy ac-
cess to various product choices, and promotions
and discounts often provided by e-commerce plat-
forms (Oktaviani and Meidiyustiani, 2025).
However, despite its great potential, the im-
plementation of live streaming by clothing mer-
chant SMEs also faces several obstacles. Most
SME:s still have difficulties in technical matters,
such as managing live streaming content, building
effective interactions with audiences, and main-
taining buyer interest in the long term (Zhang et
al., 2025). In addition, the challenge of building
trust and a consistent brand image is also one of
the problems often faced by MSMEs who are just
starting live streaming as a marketing strategy
(Luo et al., 2023). What sets this research apart is
its exploration of the moderating role of gender.
This area of technology adoption by small busi-
ness owners in Indonesia remains underexplored
in the literature. This study offers new insights into
how gender differences shape fashion vendors’
perceptions and decisions when using live stream-
ing technology as a marketing tool. Given the
rapid digitalization of commerce, understanding
these dynamics is crucial. Therefore, it becomes
essential to delve deeper into how live streaming
can serve as an effective solution for SMEs, par-
ticularly in the fashion sector, to overcome mar-
keting and sales challenges in today’s digital era.
This research sheds light on a gap in the existing
literature. It presents a timely opportunity to har-

ness live streaming as a powerful tool for boosting
business resilience and growth in a competitive
digital landscape.

LITERATURE REVIEW
Unified Theory of Acceptance and Use of Tech-
nology

Research on technology adoption, especial-
ly on live streaming, continues to grow along with
the increasing use of digital technology in busi-
ness and commerce activities. Various theories
and models have been developed to understand the
factors influencing the intention and behavior of
technology use. One of the most widely used mod-
els is the Unified Theory of Acceptance and Use
of Technology (UTAUT), which combines several
key variables such as performance expectancy, ef-
fort expectancy, social influence, and facilitating
conditions to explain technology adoption behav-
ior (Venkatesh et al., 2003). The proposed re-
search focuses on the influence of trust, perfor-
mance expectancy, and effort expectancy on be-
havioral intention and the impact of behavioral in-
tention on actual use in the context of live stream-
ing commerce. This study also considers the mod-
erating role of age and gender, which are rarely
studied in depth in live streaming.

Trust

In several previous studies, trust has been
identified as an important variable influencing
technology adoption, especially in e-commerce
and live streaming. Trust gives users confidence
that the technology or platform is safe and reliable,
thus increasing behavioral intention (Singh et al.,
2024). Trust can affect performance expectancy
and effort expectancy, where users who trust a
platform or technology will perceive that the tech-
nology provides good performance and is easy to
use (Krishnan et al., 2023; Polyportis and Pahos,
2024). Meanwhile, studies conducted by Emon et
al. (2023) and Tanantong and Wongras (2024)
stated that trust does not influence performance
expectancy and effort expectancy. However, rese-
arch that directly links trust with performance and
effort expectancy is still relatively limited, so this
study has broadened the understanding of trust’s
role in various aspects of user intentions and ex-
pectations.
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Performance Expectancy

Performance expectancy is the user's expec-
tation that using a particular technology will im-
prove performance. In research referring to the
UTAUT model, performance expectancy is often
found as one of the main predictors of behavioral
intention (Venkatesh et al., 2003). Previous stud-
ies have shown that users are more likely to use
technology if they believe it can help them achieve
their goals or improve efficiency. This is sup-
ported by studies of Alshammari and Alshammari
(2024) and Marmoah et al. (2024) which states
that performance expectancy can influence behav-
ioral intention. However, studies conducted by Al-
mogren et al. (2024) and Grassini et al. (2024) pro-
vided conflicting results and stated that perfor-
mance expectancy cannot influence behavioral in-
tention. This relationship needs to be re-examined
when using live streaming because the dynamics
of user interaction with this platform may be dif-
ferent from those with other technologies.

Effort Expectancy

Effort expectancy refers to how easy the
technology is for users to use. Many studies have
shown that the easier a technology is to use, the
greater the user’s intention to adopt it (Venkatesh
et al., 2003). Although this variable consistently
appears in various studies on technology adoption,
this study aims to examine whether this relation-
ship remains strong in live streaming, which re-
quires real-time user engagement, and how ease of
use affects users’ intention to continue using the
platform. Based on the study conducted by Moon-
kyoung et al. (2020) and Singh et al. (2024) can
support effort expectancy in influencing behav-
ioral intention. Meanwhile, studies conducted by
Chen et al. (2024b) and Madani et al. (2024) pro-
vides a statement that effort expectancy cannot in-
fluence behavioral intention.

Behavioral Intention

One of the main assumptions of technology
adoption theory is that behavioral intention will
directly affect actual use. Previous studies support
this assumption, which has been conducted by
Fundi et al. (2024), Li et al. (2024), Sabeh (2024),
and Xu and Thien (2024) where the user's inten-
tion to use technology is a strong predictor of ac-
tual usage (Davis, 1989). This study seeks to test

this assumption in live streaming, where user in-
teraction and real-time dynamics can influence the
transition from intention to actual use.

Actual Use

This study addresses several research gaps
by examining the relationship between trust, per-
formance expectancy, effort expectancy, behav-
ioral intention, and actual use in live streaming
commerce. In addition, it will broaden understand-
ing by examining the moderating role of age and
gender in the relationship, which is still rarely dis-
cussed in depth in the existing literature. Thus, this
study will provide theoretical and practical contri-
butions in developing technology adoption mod-
els, especially in the MSME sector and live stream-
ing platforms.

HYPOTHESIS DEVELOPMENT

Trust is fundamental in technology adop-
tion, especially in digital environments like e-
commerce and live streaming. Trust drives user
confidence that technology is reliable and safe to
use, thus influencing user intentions, as supported
by the study of Singh et al. (2024). Trust can in-
fluence performance expectancy and effort expec-
tancy (Krishnan et al., 2023; Polyportis and Pahos,
2024).
H1: Trust affects behavioral intention.

The higher the level of trust an individual
has in a system or organization, the greater their
expectations regarding the performance or out-
comes will be achieved using that system. A study
by Wan et al. (2022) suggests that trust acts as a
factor that strengthens an individual's belief that
the system or service provided will be effective,
efficient, and meet expectations, which in turn in-
creases the expectations for the anticipated perfor-
mance.

H2: Trust affects performance expectancy.

Trust in a system or organization positively
influences an individual’s performance expec-
tancy, meaning that as trust increases, individuals
are more likely to expect better performance out-
comes from using the system. A study by Lai et al.
(2024) suggests that trust acts as a foundational
belief that enhances the individual’s perception of
the system's effectiveness and reliability, thereby
[
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increasing their expectations of the results.
H3: Trust affects effort expectancy.

Performance expectancy refers to consum-
ers' beliefs that using a particular technology will
improve their performance in completing a task,
such as shopping online (Negm, 2023). Perfor-
mance expectancy is the user's expectation that us-
ing a particular technology will improve their per-
formance, influencing the intention to adopt the
technology in their business. This statement is
supported by Alshammari and Alshammari (2024)
and Marmoabh et al. (2024) which states that per-
formance expectancy can influence behavioral in-
tention.

H4: Performance expectancy effect on behavioral
intention.

Effort expectancy is the extent to which us-
ers believe a technology is easy to use.(Venkatesh
etal., 2012). If consumers feel that the live stream-
ing platform is easy to navigate, interactive, and
provides a hassle-free shopping experience, they
will have a greater intention to use it. In many
cases, live streaming with an easy-to-understand
interface and a simple purchasing process tends to
attract more users. This is supported by studies
conducted by Moonkyoung et al. (2020) and Singh
et al. (2024), which states that effort expectancy
influences behavioral intention.

HS: Effort expectancy affects behavioral inten-
tion.

Behavioral intention is one of the main pre-
dictors of using a technology. Users who strongly
intend to use live streaming as a shopping medium
are more likely to use the technology. For exam-
ple, consumers who intend to follow a merchant's
live streaming session tend to be more involved in
transactions resulting from that activity. Previous
studies support this assumption, which has been
conducted by Fundi et al. (2024), Li et al. (2024),
Sabeh (2024), and Xu and Thien (2024) where
user intention to use technology is a strong predic-
tor of actual usage.

H6: Behavioral intention affects the actual use of
live streaming.

Trust influences the intention to use a par-
ticular system, product, or service, affecting usage

behavior. In other words, when users trust a sys-
tem, this trust positively impacts their intention to
use it. However, it is not trust alone that directly
leads to actual usage; rather, the intention to use,
shaped by trust, is the intermediary factor. The hy-
pothesis implies that trust acts as a catalyst for
forming a positive behavioral intention, which
then translates into the real-world application or
use of the system. Therefore, understanding how
trust shapes user intention is crucial for predicting
and enhancing actual usage outcomes.

H7: Behavioral intention mediates the effect of

trust on actual use.

Performance expectancy, how much users
believe that using a system will improve their per-
formance, affects their intention to use it, influenc-
ing their actual usage behavior. In this context,
performance expectancy directly shapes the user's
attitude toward using the system, enhancing their
belief in its usefulness. However, the intention to
use the system, fueled by this expectation of im-
proved performance, ultimately determines whe-
ther or not they will use it. Performance expec-
tancy does not directly lead to actual use; instead,
it shapes behavioral intention, translating into
real-world usage. This hypothesis highlights the
importance of understanding how users' expecta-
tions about performance influence their willing-
ness to engage with the system.

H8: Behavioral intention mediates the effect of
performance Expectancy on actual use.

Ease of use or how much effort a user ex-
pects to invest in using a system impacts their in-
tention to use that system, influencing whether
they will use it. If users perceive a system as easy
to use, this perception positively influences their
intention to engage with the system. However, the
behavioral intention, driven by the perceived ease
of use, ultimately leads to actual use. In other
words, effort expectancy shapes the user's inten-
tion, and this intention is what directly affects the
real-world usage behavior. This hypothesis em-
phasizes the role of perceived effortlessness in
motivating users to adopt and use a system, show-
ing that lower perceived effort can boost the like-
lihood of actual use through strengthened inten-
tions.

H9: Behavioral intention mediates the effect of
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effort expectancy on actual use.

Gender can be identified as a moderating
variable in technology adoption. Gender differ-
ences influence the strength of the relationship be-
tween trust and behavioral intention, with trust
having a more substantial impact on behavioral in-
tention for one gender than the other. A previous
study by Elshaer et al. (2024) suggests that trust in
technology and systems may lead to different lev-
els of behavioral intention based on gender. Wo-
men potentially require higher levels of trust be-
fore intending to adopt new technologies, while
men may exhibit a more direct relationship be-
tween trust and intention.

H10: Gender can moderate the effect of trust on
behavioral intention.

Women are more sensitive to the ease of use
of technology and trust aspects, while men are
more interested in the benefits of technology in
improving efficiency and performance. A Study
conducted by Bhat et al. (2024) states that gender
can mediate factors in the UTAUT model. Previ-

Performance
Expectancy

ous studies by Venkatesh et al. (2012) in the Uni-
fied Theory of Acceptance and Use of Technology
(UTAUT) suggests that men and women may dif-
fer in how they perceive the usefulness of technol-
ogy, with women often placing greater emphasis
on perceived ease of use and social influence,
which may affect how performance expectancy in-
fluences their behavioral intention.

H11: Gender can moderate the effect of perfor-

mance expectancy on behavioral intention.

Men and women may differ in how perfor-
mance expectancy influences their intentions to
adopt technology, with men often placing more
weight on the perceived performance and benefits
of the technology. In contrast, women may require
additional contextual factors (e.g., ease of use, so-
cial influence) to form their intention. The study
by Venkatesh et al. (2012) shows that men tend to
focus more on performance expectancy, while
women are more influenced by effort expectancy
and trust factors.

H12: Gender can moderate the effect of effort ex-
pectancy on behavioral intention.

Actual Use

Effort
Expectancy

Behavior
Intention

Live
Streaming

Figure 1. Research Model
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Table 1. Instrument Development

Variable Operational Definition Indicator

Trust User confidence in the live streaming  Platform security during transactions

(Venkatesh et platforrp § noise, security, and B {Jger data privacy is well maintained

al., 2012) in providing the services it promises.
Platform confidence can meet expectations
System reliability during use
Quality of information provided by the platform
Platform reputation in protecting users

Performance The level of user confidence is that us-  Platform use helps achieve goals

Expectancy  ing live streamlng Wllllln’lpl"OVe perfor- Platform effectiveness in supporting needs

(Venkatesh et mance and make it easier to achieve

al., 2003) desired goals. Platform ability to provide relevant features
Increased productivity when using the platform
Accessibility of additional useful features
Better results when using live streaming

Effort Ex- Users feel the ease of use of live Ease of understanding the initial use

pectancy streaming when interacting with the Ease of daily platform operation

(Venkatesh et~ Platform. C .

al., 2003) Simplicity in the user interface

Behavior In-

Users intend to use live streaming in

Ease of learning to use new features
Doesn't take long to get used to
Intuitive user experience

Desire to use the platform again

tention the future based on their experience . . .
. Desire to continue learning new features
(Venkatesh et and beliefs. o .
al., 2003) Likelihood of recommending to others
Plans to use the platform in daily activities
Satisfaction with previous user experience
Preference for the platform over other alternatives
Actual Use The actual frequency or time users Average time per session of use
(Venkatesh et spend using the live streaming plat- Daily frequency of use
al., 2003) form. N ,
Number of features utilized during use
Cumulative time spent per month
Suitability of use to needs, daily
Regularity of platform use for similar activities
METHOD study objectives (Oktaviani, 2024a). In this study,

The research method employed in this study
is quantitative research, which emphasizes the sta-
tistical measurement and analysis of variables to
test previously established hypotheses. The re-
search population refers to all elements or subjects
that share specific characteristics relevant to the

the population consists of all fashion traders in
Tanah Abang, Jakarta, who sell clothing and ac-
cessories, both offline and online. Tanah Abang is
renowned as Southeast Asia's largest textile trad-
ing hub, hosting a wide array of traders in physical
markets and on various online marketplace plat-

WWW.JURNALJAM.UB.AC.ID

99




JURNAL APLIKASI MANAJEMEN

VOLUME 23 NUMBER 1 MARCH 2025

forms. Specifically, the research population in-
cludes traders dealing in diverse fashion products
such as garments, bags, shoes, hijabs, and other
accessories. This encompasses vendors operating
in Tanah Abang's Block A and Block B markets
and those in surrounding retail locations. Addi-
tionally, the population includes traders who em-
ploy live streaming technology as a channel for
selling their products through marketplace plat-
forms.

Given the large and undefined number of
fashion traders in Tanah Abang, it is impractical
to reach every member of the population. Conse-
quently, a sample was drawn from this population
using a non-probability sampling method. Specif-
ically, purposive sampling was employed, which
is appropriate when the study requires participants
who meet certain predefined criteria. In this case,
the sample was limited to fashion traders who
have utilized live streaming technology as part of
their sales strategy on marketplace platforms. As a
result, the sample size for this study was 211 trad-
ers from 225 data points collected.

Data collection involved the distribution of
an online questionnaire, administered over three

months from August to October 2024. The ques-
tionnaire was accompanied by direct guidance to
ensure respondents understood the technical as-
pects of completing it. Structural Equation Model-
ing (SEM) is a statistical analysis technique used
to analyze complex relationships between direct
and indirect latent variables. SEM allows re-
searchers to test models consisting of multiple re-
lationships between variables simultaneously.
One of the commonly used tools for Partial Least
Squares (PLS)-based SEM is SmartPLS.

RESULTS

This study used a questionnaire distributed
directly to the research respondents, namely fash-
ion traders in Tanah Abang, Jakarta. The total re-
search subjects was 211 respondents, who were re-
viewed according to gender, trading duration, and
type of business run. Based on Table 2. It can be
seen that the largest number of respondents are
women at 65%, while the remaining 35% are men.
For the length of trading, it is dominated by sellers
who have been selling for > 3 years to 5 years,
which is 40%, while based on the type of product
sold, the most are other accessories at 42%.

Table 2. Respondent Identity

Amount Percentage
Gender
Woman 138 65%
Man 73 35%
Trading Period
<=1 Year 25 12%
> 1 Year - 3 Years 27 13%
>3 Years - 5 Years 84 40%
> 5 years 75 36%
Type of business
Clothes 66 32%
Bag 15 7%
Shoe 10 5%
Headscarf 32 15%
Other accessories 88 42%
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Validity Test

In this study, the validity of the instruments
in PLS is tested using convergent validity, which
includes examining the Factor Loading (Outer
Loading) and Average Variance Extracted (AVE)
values. Discriminant validity tests are measured
using the Fornell-Larcker Criterion and Cross-
Loading.

Factor Loading

Outer loading can be explained that the re-
sults of the validity test of the variables Trust, Per-
formance Expectancy, Effort Expectancy, Behav-
ior Intention, Actual Use Live Streaming have a
loading factor value of PE_1 < 0.7 so that it is re-
moved from the research model, while the rest of
each indicator has a loading factor value > 0.6
where the indicator with a value > 0.7 is high val-
idation.

Average Variance Extracted (AVE)

AVE can be explained that Trust, Perfor-
mance Expectancy, Effort Expectancy, Behavioral
Intention, and Actual Use of Live Streaming each
have an AVE value of 0.882, 0.776, 0.841, 0.918,
0.839, indicating that all variables have satisfied
the evaluation criteria as the AVE coefficient val-
ues are greater than 0.5.

Reliability Test

Reliability test results can be explained that
Trust, Performance Expectancy, Effort Expec-
tancy, Behavior Intention, and Actual Use Live
Streaming each have values of 0.978, 0.945,
0.969, 0.985, 0.969, indicating a high level of re-
liability as the coefficient value exceeds 0.8.

Fornell Larcker

Based on the result that the AVE value for
all variables, Trust, Performance Expectancy, Ef-
fort Expectancy, Behavior Intention, and Actual
Use of Live Streaming, has a value greater than the
correlation between constructs in the model.

R Square Test

R Square can be explained that Trust has a
large influence on Performance Expectancy, which
is 80.9%, and Trust has a large influence on Effort
Expectancy, which is 87%. Furthermore, Trust,
Performance Expectancy, and Effort Expectancy

greatly influence Behavior Intention, which is
91%, and Trust, Performance Expectancy, Effort
Expectancy, and Behavior Intention greatly influ-
ence Actual Use of Live Streaming, which is
86.6%. This means that every change in the varia-
bles Trust, Performance Expectancy, Effort Ex-
pectancy, and Behavior Intention, business suc-
cess will also experience a change of 86.6%.

F Square

Effect test results can be summarized as fol-
lows: The Trust variable has a substantial impact
on the F square values of the Performance Expec-
tancy and Effort Expectancy variables, with val-
ues of 4.261 and 6.743, respectively, while it has
a minimal impact on Behavior Intention with a
value of 0.001. The Performance Expectancy var-
iable moderates the F-squared value of Behavior
Intention, measured at 0.037. The Effort Expec-
tancy variable also moderately affects Behavior
Intention, with an F-squared value of 0.115. Lastly,
the Behavior Intention variable significantly im-
pacts the F-squared value of Actual Use of Live
Streaming, with a value of 6.517.

Hypothesis Testing

Table 3 shows the results of the significance
level test through T-statistics or P-values. Based
on the test results, the trust variable on Behavior
Intention has a P-value of 0.758, so H1 is rejected.
Thus, it is concluded that the trust variable does
not significantly influence the Behavior Intention
of fashion sector traders at Tanah Abang Market,
Jakarta. Based on the test results, the trust variable
on Performance Expectancy has a p-value of
0.000, so H2 is accepted. Thus, it is concluded that
the trust variable significantly influences perfor-
mance expectancy in fashion sector traders at
Tanah Abang Market, Jakarta. Based on the test
results, the trust variable towards Effort Expec-
tancy has a P-value of 0.000, so H3 is accepted.
Thus, it is concluded that the trust variable signif-
icantly influences effort expectancy in fashion
sector traders at Tanah Abang Market, Jakarta.
Based on the test results, the Performance Expec-
tancy variable on Behavior Intention has a P-value
of 0.026, so H4 is accepted. Thus, it is concluded
that the performance expectation variable signifi-
cantly influences behavioral intention in fashion
sector traders at Tanah Abang Market, Jakarta.
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Based on the test results, the Effort Expectancy
variable on Behavior Intention has a P-value of
0.000, so H5 is accepted. Thus, it is concluded that
the Effort Expectancy variable significantly influ-
ences Behavior Intention on fashion sector traders
at Tanah Abang Market, Jakarta. Based on the test
results, the Behavior Intention variable towards
Actual Use Live Streaming has a P-value of 0.000,
so H6 is accepted. Thus, it is concluded that the
behavior intention variable significantly influ-
ences actual use of live streaming by fashion sec-
tor traders at Tanah Abang Market, Jakarta. Based
on the test results, the behaviour intention medi-
ates the effect of the variable trust on actual use,
with a P-value of 0.758, so H7 is rejected. Thus, it
is concluded that the behavioral intention can not
mediate the effect of the variable trust on actual
use in the fashion sector traders at Tanah Abang
Market, Jakarta. Based on the test results, the be-
haviour intention mediates the effect of perfor-
mance expectancy on actual use, with a P-value of
0.025, so H8 is accepted. Thus, it is concluded that
the behaviour intention can mediate the effect of
performance expectancy on actual use in the fash-
ion sector traders at Tanah Abang Market, Jakarta.
Based on the test results, the behaviour intention

mediates the effect of effort expectancy on actual
use, with a P-value of 0.025, so H9 is accepted.
Thus, it is concluded that behavioral intention can
mediate the effect of effort expectancy on actual
use by fashion sector traders at Tanah Abang Mar-
ket, Jakarta. Based on the test results, the gender
variable mediates the influence of trust on Behav-
ioral Intention, has a P-value of 0.789, then H10 is
rejected. Thus, it is concluded that the gender var-
iable cannot mediate the influence of trust on Be-
havioral Intention at the fashion sector traders at
Tanah Abang Market, Jakarta. Based on the test
results, the gender variable mediates the influence
of performance expectancy on behavioral inten-
tion, with a P-value of 0.113, and H11 is rejected.
Thus, it is concluded that the gender variable can-
not mediate the influence of Performance Expec-
tancy on Behavioral Intention in the fashion sector
traders at Tanah Abang Market, Jakarta. Based on
the test results, the gender variable mediates the
influence of effort expectancy on behavioral inten-
tion, with a P Value of 0.067, and H12 is rejected.
Thus, it is concluded that the gender variable can-
not mediate the influence of Effort Expectancy on
Behavioral Intention in the fashion sector traders
at Tanah Abang Market, Jakarta.

Table 3. Hypothesis Testing

Sample P values Information
mean

BI > AU 0.932 0,000 H6 support
EE -> BI 0.565 0,000 HS support
PE -> BI 0.335 0.026 H4 support
Trust -> BI 0.036 0.758 HI not supported
Trust -> EE 0.932 0,000 H3 support
Trust -> PE 0.899 0,000 H2 support
Gender x PE > BI -0.262 0.113  H10 not supported
Gender x Trust -> BI -0.037 0.789 HI11 not supported
Gender x EE -> BI 0.344 0.067 H12 not supported
Trust -> Behavior Intention -> Actual Use Live Streaming 0,152 0,758 H7 not supported
Performance Expectancy -> Behavior Intention -> Actual 0,135 0,026 HS support
Use Live Streaming
Effort Expectancy -> Behavior Intention -> Actual Use 0,150 0,000 H9 support

Live Streaming
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Figure 2. Research Result Model

Based on the results of direct testing be-
tween genders, memorable tourism experiences
affected positively and significantly to the tourist
loyalty for both men and women. Interestingly, the
gender difference results state that there is no dif-
ference in the effect of gender on the relationship
between memorable tourism experience and tour-
ist loyalty, indicating that both men and women
have the same perception of experience of tourist
destinations, which will affect the final decision,
thus HS is rejected. In contrast to the relationship
of authenticity to tourist loyalty, which results in
differences in authenticity perceptions between
men and women, H9 was accepted.

DISCUSSION
Trust Influences Behavioral Intention

Trust does not significantly affect the be-
havioral intention to use live streaming among
fashion sector traders at Tanah Abang Market, Ja-
karta. This finding suggests that although trust is
an important factor in online transactions, it is not
the primary determinant influencing the behav-
ioral intention of fashion traders in Tanah Abang
to use live streaming. This result aligns with the
study by Shih et al. (2024), which found that trust
is often not a major concern in live streaming in
markets with a high price orientation, such as the

fashion sector in conventional markets. The differ-
ence in this study can be explained by several po-
tential reasons (Zhang et al., 2022): traders in this
market tend to prioritize factors like price, product
quality, and the interactions that occur during live
streaming sessions over trust in the platform or the
transaction process (Wongkitrungrueng and As-
sarut, 2020).

Trust Influences Performance Expectancy
Trust significantly influences performance
expectancy when fashion sector traders use live
streaming at Tanah Abang Market, Jakarta. This
indicates that trust in the live streaming platform
or the interactions that occur during the live strea-
ming session play an important role in shaping
traders' expectations regarding the performance of
the platform (Rosniati et al., 2023). Traders with a
high level of trust tend to believe that live stream-
ing can provide benefits that match their expecta-
tions, such as increased sales, access to more cus-
tomers, and efficiency in the marketing process.
These results are consistent with the study con-
ducted by Krishnan et al. (2023), which states that
trust is a key factor in determining performance
expectancy in online-based technology. The dif-
ference in this study can be explained by Wan et al.
(2022) trust helps reduce uncertainty and increase
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performance expectancy for technology, including
live streaming platforms.

Trust Influences Performance Expectancy

Trust significantly influences effort expec-
tancy in the use of live streaming by fashion sector
traders at Tanah Abang Market, Jakarta. This find-
ing suggests that trust in the live streaming plat-
form or interactions during live streaming sessions
helps increase traders’ perceptions of the plat-
form’s effort expectancy. Traders who have high
trust in the platform tend to feel that using live
streaming is easier and does not require much ef-
fort (Wan et al., 2022). This is because trust re-
duces doubts and risk perceptions that can make
technology seem more difficult to use. This find-
ing is consistent with the study by Polyportis and
Pahos (2024), which states that trust in technology
can affect users’ perceptions of effort expectancy.
Trust helps users feel more comfortable and con-
fident with new technology, reducing their percep-
tion of the effort required to master it. In using live
streaming media, merchants who trust the plat-
form tend to feel that it is easy to use and supports
their productivity in reaching customers efficiently
(Rosniati et al., 2023).

Performance Expectancy Influences Behav-
ioral Intention

Performance expectancy significantly in-
fluences behavioral intention in the use of live
streaming by fashion sector traders at Tanah
Abang Market, Jakarta. This finding confirms that
traders have high expectations of live streaming
performance, such as the platform's ability to in-
crease sales, expand customer reach, and provide
added value to their business. These expectations
then encourage them to intend to use or continue
to use live streaming as a primary marketing tool.
This finding is consistent with the UTAUT devel-
oped by Venkatesh et al. (2003). In this model,
performance expectancy is one of the most power-
ful factors influencing behavioral intention. When
individuals believe that a particular technology
will help them achieve a desired outcome, they
tend to have a greater intention to adopt the tech-
nology (Yi et al., 2023). In this study, traders at
Tanah Abang Market who saw live streaming as
an effective tool to increase sales and market reach
had a strong intention to use the platform (Peng et

al., 2024).

Effort Expectancy Influences Behavioral In-
tention

Effort expectancy significantly influences
behavioral intention in the use of live streaming by
fashion sector traders at Tanah Abang Market, Ja-
karta. This finding indicates that the perception of
ease of use of live streaming is one of the im-
portant factors that encourages traders to intend to
use the platform. In other words, the easier it is for
traders to operate live streaming features, the more
likely they are to consider using it continuously in
their marketing strategy. This finding is consistent
with the UTAUT developed by Venkatesh et al.
(2003), which states that effort expectancy is a fac-
tor that can influence behavioral intention in tech-
nology adoption. Merchants’ perceptions of ease
of use when using marketing technology, such as
live streaming, will increase their intention to uti-
lize it. A study by Singh and Singh (2022) also
supports this finding, where they found that mer-
chants who felt that live streaming was easy to use
were more willing to adopt it as part of their busi-
ness strategy (Oktaviani, 2024b).

Behavioral Intention Has a Motivational Influ-
ence on Actual Use of Live Streaming
Behavioral intention significantly influen-
ces the actual use of live streaming in fashion sec-
tor traders at Tanah Abang Market, Jakarta. This
finding suggests that the intention or motivation of
traders to use live streaming directly contributes to
how often and how effectively they use the tech-
nology in their daily business activities. Traders
who strongly intend to use live streaming tend to
be more active in applying this platform as a mar-
keting and sales tool. This finding is consistent
with the Theory of Planned Behavior developed
by Ajzen (1991), which states that behavioral in-
tention is the main predictor of actual use. In tech-
nology adoption, the stronger the user's intention
or motivation to use a particular technology, the
greater the likelihood that the technology will be
used. The study by Venkatesh et al. (2003) in the
UTAUT model also supports this finding, where
behavioral intention is stated to have a direct in-
fluence on actual use. This shows that if traders in
Tanah Abang Market believe that live streaming
benefits their business, they will be motivated to
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use it consistently. The study by Sabeh (2024)
strengthens this finding, where behavioral inten-
tion towards digital marketing technology, includ-
ing live streaming, was found to be an important
factor driving the actual use of the technology
(Zhang and Zhang, 2024). They found that mer-
chants' motivation to increase market reach and
achieve greater sales through live streaming in-
creases the frequency and intensity of their use in
daily business activities (Mulla, 2022).

Behavioral Intention Mediates the Effect of
Trust on Actual Use

Behavioral intention cannot mediate the ef-
fect of trust on actual use, suggesting that trust
may have a direct, immediate influence on actual
use, bypassing the need for behavioral intention as
an intermediary. The study by Venkatesh et al.
(2012) in the UTAUT model suggests that in some
cases, especially with highly trusted systems or
services, users may engage with a system directly
because of their confidence in it, rather than form-
ing a deliberate intention first. Additionally, stud-
ies by Wan et al. (2022) argue that strong trust can
prompt immediate use, especially in contexts
where security or reliability is crucial, such as in
online banking or health technology. These find-
ings highlight how trust, particularly in high-stakes
or highly trusted environments, can drive action
directly, diminishing the role of behavioral inten-
tion as a mediator.

Behavioral Intention Mediates the Effect of
Performance Expectancy on Actual Use

Behavioral intention mediates the effect of
performance expectancy on actual use of live
streaming. It posits that users' beliefs about the
platform's ability to enhance their experience (per-
formance expectancy) influence their intention to
use it, which determines actual usage. A study by
Shilpa and Menon (2024) in the UTAUT model
supports this, showing that performance expec-
tancy shapes behavioral intention, which is a key
predictor of actual usage. In live streaming, users
are more likely to engage with platforms they be-
lieve will meet their performance needs, such as
providing high-quality video or interactive featur-
es. Thus, performance expectancy indirectly drives
usage through its effect on users' intentions.

Behavioral Intention Mediates the Effect of Ef-
fort Expectancy on Actual Use

Behavioral intention mediates the effect of
effort expectancy on actual use, suggesting that
users' perceptions of how easy or effort-free a sys-
tem is to use influence their intention to use it, im-
pacting whether they use it. According to the study
by Lai et al. (2024), when users perceive a system
as easy to use, this belief strengthens their inten-
tion to engage with it. However, the behavioral in-
tention, influenced by effort expectancy, ultimat-
ely leads to actual usage. In the context of live
streaming or any technology, if users expect the
platform to be easy to use, they are more likely to
form an intention to use it, and this intention sub-
sequently leads to real-world use. Therefore, effort
expectancy affects actual use indirectly by first
shaping users' intentions.

Moderation Role of Gender

Gender cannot moderate the influence of
trust, performance expectancy, and effort expec-
tancy on behavioral intention in using live stream-
ing by fashion sector traders at Tanah Abang Mar-
ket, Jakarta. Although there are gender differences,
gender factors do not affect or strengthen the rela-
tionship between trust, performance expectancy,
and effort expectancy on the behavioral intention
of traders to use live streaming. This shows that
male and female traders have similar mindsets and
attitudes towards adopting live streaming technol-
ogy, despite gender differences. These results are
consistent with the study conducted by Elshaer et
al. (2024), which suggests that while gender can
influence an individual's response to factors such
as effort expectancy and performance expectancy,
not all contexts require moderation by gender. In
some situations, other factors such as social sup-
port, prior experience with the technology, or
availability of resources are more influential on
technology acceptance (Oktaviani and Meidiyus-
tiani, 2025). Gender was more influential on an in-
dividual's decision to adopt a technology when
there were significant differences in social or cul-
tural factors, but in more practical and utilitarian
contexts, such as traditional markets, factors such
as the convenience and immediate benefits of the
technology were more determinative (Yingqing et
al., 2024).
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IMPICATIONS

The findings of this study have significant
implications for traders, marketplace service pro-
viders, and the government. Traders across vari-
ous sectors, including fashion, can benefit from
understanding that live streaming adoption is in-
fluenced by expectations of improved sales and
ease of use. By simplifying the technology and
highlighting its benefits, traders are more likely to
integrate it into their business strategies. Market-
place providers should focus on enhancing user-
friendly features and offering support to encour-
age adoption, thus improving engagement. For the
government, policies promoting digital literacy,
offering incentives for technology adoption, and
ensuring equitable access to digital tools can help
foster growth across sectors. In summary, a col-
laborative effort from traders, platform providers,
and the government is essential for maximizing
the benefits of live streaming technology and driv-
ing digital transformation in business.

RECOMMENDATIONS

Further research is recommended to expand
the scope of samples and locations by involving
traders from various regions so that the results are
more representative. More diverse data collection
methods, such as interviews or focus groups
(FGDs), will provide deeper insights into the fac-
tors of live streaming adoption. Refinement of the
questionnaire and instrument trials is needed to
improve data accuracy. In addition, other factors
need to be explored as mediators or moderators,
such as age and digital literacy, and additional
analysis methods, such as multiple regression or
SEM, to enrich understanding. External factors
such as government regulations also need to be
considered, and a more comprehensive technology
adoption model can be developed by including
psychological and social aspects.

This study has several limitations that need
to be considered, including the focus on fashion
sector traders in Tanah Abang Market, which may
not fully represent the characteristics of traders in
other locations, so the results are less generaliza-
ble. In addition, the questionnaire design that re-
lies on self-reporting can cause bias, such as social
bias or different interpretations of questions by re-
spondents. The moderate number of respondents
(211 people) also limits the generalizability of the

results of this study. Therefore, further research is
recommended to expand the scope of the sample,
use more varied data collection methods, and cor-
rect potential bias in measurement to obtain more
representative results.

CONCLUSIONS

Based on the results of this study, it can be
concluded that although trust plays a role in shap-
ing traders' expectations of the performance and
ease of use of live streaming technology, this fac-
tor does not significantly affect the behavioral in-
tention of traders at Tanah Abang Market to use
live streaming. On the contrary, expectations of
performance expectancy and effort expectancy
have a significant influence on shaping traders' in-
tentions to utilize live streaming as a marketing
strategy. Traders with high expectations of the po-
tential of live streaming to increase sales and fa-
cilitate marketing, and feel the ease of operation,
tend to be more motivated to use it actively. In ad-
dition, strong behavioral intentions have been
shown to directly affect the frequency and effec-
tiveness of using live streaming in their business.
Gender does not have a moderating role in the in-
fluence of trust, performance expectancy, and ef-
fort expectancy on behavioral intentions, indicat-
ing that these factors apply equally to male and fe-
male traders.

REFERENCES

Almogren, A. S., Al-Rahmi, W. M., and Dahri, N.
A. 2024. Exploring Factors Influencing the
Acceptance of Chatgpt in Higher Educa-
tion: A Smart Education Perspective. Heli-
yon, 10(11). DOLI: https://doi.org/10.1016/j.
heliyon.2024.e31887.

Alshammari, S. H. and Alshammari, M. H. 2024.
Factors Affecting the Adoption and Use of
ChatGPT in Higher Education. Interna-
tional Journal of Information and Commu-
nication Technology Education, 20(1), pp.
1-16. DOI: https://doi.org/10.4018/1JICTE.
339557.

Bhat, M. A., Tiwari, C. K., Bhaskar, P., and Khan,
S. T. 2024. Examining ChatGPT Adoption
Among Educators in Higher Educational
Institutions Using Extended UTAUT Mo-
del. Journal of Information, Communica-
tion and Ethics in Society. DOI: https://doi.

106 OKTAVIANI (2025)




JURNAL APLIKASI MANAJEMEN

VOLUME 23 NUMBER 1 MARCH 2025

org/10.1108/JICES-03-2024-0033.

Chen, X., Zhang, X. E., and Chen, J. 2024a. TAM-
Based Study of Farmers’ Live Streaming E-
Commerce Adoption Intentions. Agricul-
ture (Switzerland), 14(4). DOL: https://doi.
org/10.3390/agriculture14040518.

Chen, Y., Khan, S. K., Shiwakoti, N., Stasinopou-
los, P., and Aghabayk, K. 2024b. Integrat-
ing Perceived Safety and Socio-Demo-
graphic Factors in UTAUT Model to Exp-
lore Australians’ Intention to Use Fully Au-
tomated Vehicles. Research in Transporta-
tion Business and Management, 56(April).
DOI: https://doi.org/10.1016/j.rtbm.2024.1
01147.

Chui, M., Hazan, E., Roberts, R., Singla, A., Sma-
je, K., Sukharevsky, A., Yee, L., and Zem-
mel, R. 2023. The Economic Potential of
Generative Al: The Next Productivity Fron-
tier. McKinsey & Company, June, pp. 1-66.
https://www.mckinsey.com/capabilities/mc
kinsey-digital/our-insights/the-economic-p
otential-of-generative-ai-the-next-producti
vity-frontier?cid=eml-web.

Davis, F. D. 1989. Perceived Usefulness, Perceiv-
ed Ease of Use, and User Acceptance of In-
formation Technology. MIS Quarterly, 13
(3), pp- 319-340.

Elshaer, 1. A., Hasanein, A. M., and Sobaih, A. E.
E. 2024. The Moderating Effects of Gender
and Study Discipline in the Relationship be-
tween University Students’ Acceptance and
Use of ChatGPT. European Journal of In-
vestigation in Health, Psychology and Edu-
cation, 14(7), pp. 1981-1995. DOI: https://
doi.org/10.3390/ejihpe14070132.

Emon, M. M. H., Hassan, F., Nahid, M. H., and
Rattanawiboonsom, V. 2023. Predicting
Adoption Intention of Artificial Intelligence
- A Study on ChatGPT. AIUB Journal of
Science and Engineering, 22(2), pp. 189—
196. DOI: https://doi.org/10.1016/j.tsc.202
2.101046.

Fundi, M., Sanusi, I. T., Oyelere, S. S., and Ayere,
M. 2024. Advancing Al Education: Asses-
sing Kenyan In-Service Teachers’ Prepar-
edness for Integrating Artificial Intelligence
in Competence-Based Curriculum. Compu-
ters in Human Behavior Reports, 14(April).
DOI: https://doi.org/10.1016/j.chbr.2024.1

00412.

Grassini, S., Aasen, M. L., and Meagelvang, A.
2024. Understanding University Students’
Acceptance of ChatGPT: Insights from the
UTAUT2 Model. Applied Artificial Intelli-
gence, 38(1). DOI: https://doi.org/10.1080/
08839514.2024.2371168.

Krishnan, R., Kandasamy, L., Vel, R., Jenefa, L.,
and Thangarasu, G. 2023. Impact of Al
Powered Resources on Students Perfor-
mance. 2023 2nd International Conference
on Smart Technologies for Smart Nation,
SmartTechCon 2023, pp. 720-724. DOL:
https://doi.org/10.1109/SmartTechCon575
26.2023.10391819.

Lai, C. Y., Cheung, K. Y., Chan, C. S., and Law, K.
K. 2024. Integrating the Adapted UTAUT
Model with Moral Obligation, Trust and
Perceived Risk to Predict ChatGPT Adop-
tion for Assessment Support: A Survey with
Students. Computers and Education: Artifi-
cial Intelligence, 6(May). DOI: https://doi.o
rg/10.1016/j.caeai.2024.100246.

Li, D., Zhang, G., Xu, Z., Lan, Y., Shi, Y., Liang,
Z., and Chen, H. 2018. Modelling the Roles
of Cewebrity Trust and Platform Trust in
Consumers’ Propensity of Live-Streaming:
An Extended TAM Method. Computers,
Materials and Continua, 55(1), pp. 137—
150. DOI: https://doi.org/10.3970/cmc.201
8.055.137.

Li, N., Xuan, C., and Chen, R. 2024. Different
Roles of Two Kinds of Digital Coexistence:
The Impact of Social Presence on Consum-
ers’ Purchase Intention in the Live Stream-
ing Shopping Context. Journal of Retailing
and Consumer Services, 80(April). DOL:
https://doi.org/10.1016/j.jretconser.2024.1
03890.

Luo, X., Lim, W. M., Cheah, J. H., Lim, X. J., and
Dwivedi, Y. K. 2023. Live Streaming Com-
merce: A Review and Research Agenda. Jo-
urnal of Computer Information Systems, 65
(3), pp. 376-399. DOI: https://doi.org/10.1
080/08874417.2023.2290574.

Ma, X., Chen, H., Lang, X., Li, T., Wu, N., and
Duong, B. 2024. Research on the Impact of
Streamers’ Linguistic Emotional Valence
on Live Streaming Performance in Live
Streaming Shopping Environments. Jour-

WWW.JURNALJAM.UB.AC.ID

107




JURNAL APLIKASI MANAJEMEN

VOLUME 23 NUMBER 1 MARCH 2025

nal of Retailing and Consumer Services, 81
(May). DOI: https://doi.org/10.1016/j.jretc
onser.2024.104040.

Madani, H., Adhikari, A., and Hodgdon, C. 2024.
Lessons from Business Education’s Online
Transition: A Saudi Arabian Case Study.
International Journal of Management Edu-
cation, 22(3). DOI: https://doi.org/10.1016/
j-ijme.2024.101026.

Marmoabh, S., Supianto, Sukmawati, F., Poerwan-
ti, J. I. S., and Yantoro. 2024. The Elemen-
tary School Teachers Adoption of Learning
Management System: A UTAUT Model
Analysis. Ingenierie Des Systemes d’Infor-
mation, 29(2), pp. 715-722. DOI: https://do
1.org/10.18280/is1.290233.

Moonkyoung, J., Milla, A., Seongcheol, K., and
Shahrokh, N. 2020. The Effects of Digital
Literacy and Information Literacy on the
Intention to Use Digital Technologies for
Learning - A Comparative Study in Korea
and Finland. The Effects of Digital Literacy
and Information Literacy on the Intention to
Use Digital Technologies for Learning - A
Comparative Study in Korea and Finland,
15(8), pp. 759-773.

Mulla, T. 2022. Assessing the Factors Influencing
the Adoption of Over-The-Top Streaming
Platforms: A Literature Review From 2007
to 2021. Telematics and Informatics, 69
(August 2021). DOI: https://doi.org/10.101
6/j.tele.2022.101797.

Negm, E. M. 2023. Consumers’ Acceptance Inten-
tions Regarding E-Payments: A Focus on
the Extended Unified Theory of Acceptance
and Use of Technology (UTAUT2). Man-
agement & Sustainability: An Arab Review.
DOI: https://doi.org/10.1108/msar-04-2023
-0022.

Oktaviani, R. F. 2024a. Understanding Young En-
trepreneurs: Interest in Supporting Business
Success. EKUITAS (Jurnal Ekonomi Dan
Keuangan), 8(2), pp. 288—303. DOI: https://
doi.org/10.24034/j25485024.y2024.v8.i2.6
324,

Oktaviani, R. F. 2024b. Unpacking the Resistance
of Traditional Market to Digital Payment: A
Qualitatove Approach. Jurnal Aplikasi Eko-
nomi, Akuntansi Dan Bisnis, 6(2), pp. 70—
86. DOLI: https://doi.org/doi.org/10.37641/ri

set.v6i2.2119.

Oktaviani, R. F. and Meidiyustiani, R. 2025. Re-
vealing Digital Literacy of Young Entrepre-
neurial Intentions: A Case of University
Students in Indonesia. Pakistan Journal of
Life and Social Sciences, 23(1), pp. 448—
458. DOI: https://doi.org/https://doi.org/10.
57239/PJLSS-2025-23.1.0035.

Peng, L., Zhang, N., and Huang, L. 2024. How the
Source Dynamism of Streamers Affects Pur-
chase Intention in Live Streaming E-Com-
merce: Considering the Moderating Effect
of Chinese Consumers’ Gender. Journal of
Retailing and Consumer Services, 81(Janu-
ary). DOI: https://doi.org/10.1016/j.jretcon
ser.2024.103949.

Polyportis, A. and Pahos, N. 2024. Understanding
Students’ Adoption of the Chatgpt Chatbot
in Higher Education: The Role of Anthro-
pomorphism, Trust, Design Novelty and In-
stitutional Policy. Behaviour and Informa-
tion Technology, pp. 1-22. DOL: https://doi.
org/10.1080/0144929X.2024.2317364.

Pu, X. 2023. Factors Influencing Consumer Satis-
faction and Use Intention of B2C E-Com-
merce Platforms in Chengdu, China. AU-
GSB E-JOURNAL, 16(1), pp. 150-159.
DOI: https://doi.org/10.14456/augsbejr.202
3.16.

Rosniati, R., Heriyadi, H., Afifah, N., Pebrianti,
W., and Setiawan, H. 2023. The Influence
of Live Streaming Shopping, Online Cus-
tomer Reviews, and Affiliate Marketing on
Impulse Buying Trought Customer Trust in
E-Commerce Shopee. International Jour-
nal of Applied Finance and Business Stud-
ies, 11(3), pp. 460—472. DOI: https://doi.or
2/10.35335/ijafibs.v11i3.171.

Sabeh, H. N. 2024. What Drives IT Students To-
ward ChatGPT? Analyzing the Factors In-
fluencing Students’ Intention to Use Chat-
GPT for Educational Purposes. 2024 21st
International Multi-Conference on Systems,
Signals and Devices, SSD 2024, pp. 533—
539. DOI: https://doi.org/10.1109/SSD616
70.2024.10548826.

Shih, 1. T., Silalahi, A. D. K., and Eunike, 1. J.
2024. Engaging Audiences in Real-Time:
The Nexus of Socio-Technical Systems and
Trust Transfer in Live Streaming E-Com-

108 OKTAVIANI (2025)




JURNAL APLIKASI MANAJEMEN

VOLUME 23 NUMBER 1 MARCH 2025

merce. Computers in Human Behavior Re-
ports, 13(168). DOI: https://doi.org/10.101
6/j.chbr.2023.100363.

Shilpa, K. and Menon, D. 2024. Consumer’s Inter-
action with ChatGPT- a UTAUT Perspec-
tive. Science Talks, 9(October 2023). DOI:
https://doi.org/10.1016/j.sctalk.2023.10028
1.

Singh, N. K. and Singh, P. 2022. Identifying Con-
sumer Resistance of Mobile Payment Dur-
ing Covid-19: an Interpretive Structural Mo-
deling (Ism) Approach. Business, Manage-
ment and Economics Engineering, 20(2),
pp. 258-285. DOI: https://doi.org/10.3846/
bmee.2022.16905.

Singh, N., Misra, R., Quan, W., Radic, A., Lee, S.
M., and Han, H. 2024. An Analysis of Con-
sumer’s Trusting Beliefs Towards the Use
of E-Commerce Platforms. Humanities and
Social Sciences Communications, 11(1).
DOI: https://doi.org/10.1057/s41599-024-0
3395-6.

Singh, S., Singh, N., Kalini¢, Z., and Liébana-Ca-
banillas, F. J. 2021. Assessing Determinants
Influencing Continued Use of Live Stream-
ing Services: An Extended Perceived Value
Theory of Streaming Addiction. Expert
Systems with Applications, 168(September
2020). DOI: https://doi.org/10.1016/j.eswa.
2020.114241.

Song, Y., Gui, L., Wang, H., and Yang, Y. 2023.
Determinants of Continuous Usage Inten-
tion in Community Group Buying Platform
in China: Based on the Information System
Success Model and the Expanded Technol-
ogy Acceptance Model. Behavioral Scien-
ces, 13(11). DOI: https://doi.org/10.3390/b
s13110941.

Tanantong, T. and Wongras, P. 2024, A UTAUT-
Based Framework for Analyzing Users’ In-
tention to Adopt Artificial Intelligence in
Human Resource Recruitment: A Case Stu-
dy of Thailand. Systems, 12(1). DOI: https:
//doi.org/10.3390/systems12010028.

Venkatesh, V., Morris, M. G., Davis, G. B., and
Davis, F. D. 2003. User Acceptance of In-
formation Technology: Toward a Unified
View. MIS Quarterly: Management Infor-
mation Systems, 27(3), pp. 425-478. DOI:
https://doi.org/10.2307/30036540.

Venkatesh, V., Thong, J. y. L., and Xu, X. 2012,
Consumer Acceptance and Use of Infor-
mation Technology: Extending the Unified
Theory of Acceptance and Use of Technol-
ogy by Viswanath Venkatesh, James Y.L.
Thong, Xin Xu: SSRN. MIS Quarterly, 36
(1), pp. 157-178. https://ssrn.com/abstract=
2002388.

Wan, S. P, Yan, J., and Dong, J. Y. 2022. Trust
and Personalized Individual Semantics
Based Fusion Method for Heterogeneous
Multi-Criteria Group Decision Making and
Application to Live Streaming Commerce.
Expert Systems with Applications, 208
(March). DOI: https://doi.org/10.1016/j.es
wa.2022.118151.

Wongkitrungrueng, A. and Assarut, N. 2020. The
Role of Live Streaming in Building Con-
sumer Trust and Engagement with Social
Commerce Sellers. Journal of Business Re-
search, 117(September 2018), pp. 543—-556.
DOI: https://doi.org/10.1016/j.jbusres.2018
.08.032.

Xu, X. and Thien, L. M. 2024. Unleashing the
Power of Perceived Enjoyment: Exploring
Chinese Undergraduate EFL Learners’ In-
tention to Use ChatGPT for English Learn-
ing. Journal of Applied Research in Higher
Education. DOLI: https://doi.org/10.1108/JA
RHE-12-2023-0555.

Yang, G., Chaiyasoonthorn, W., and Chaveesuk,
S. 2024. Exploring the Influence of Live
Streaming on Consumer Purchase Intention:
A Structural Equation Modeling Approach
in the Chinese E-Commerce Sector. Acta
Psychologica, 249(April). DOI: https://doi.
org/10.1016/j.actpsy.2024.104415.

Yi, Q., Khan, J., Su, Y., Tong, J., and Zhao, S.
2023. Impulse Buying Tendency in Live-
Stream Commerce: The Role of Viewing
Frequency and Anticipated Emotions Influ-
encing Scarcity-Induced Purchase Decision.
Journal of Retailing and Consumer Ser-
vices, 75(June). DOI: https://doi.org/10.101
6/j.jretconser.2023.103534.

Yingqing, X., Mohd Hasan, N. A., and Mohd Jalis,
F. M. 2024. Purchase Intentions for Cultural
Heritage Products in E-Commerce Live
Streaming: An ABC Attitude Theory Anal-
ysis. Heliyon, 10(5). DOL: https://doi.org/10

WWW.JURNALJAM.UB.AC.ID

109




JURNAL APLIKASI MANAJEMEN
______________________________________________________________________________________

.1016/j.heliyon.2024.e26470.

Zhang, H., Sui, R., and Zha, X. 2025. The Key

Opinion Leader Introduction and Pricing
Strategy for Live Streaming E-Commerce
Platforms Considering the Impact of Net-
work Effects. Journal of Retailing and Con-
sumer Services, 82(September 2024). DOI:
https://doi.org/10.1016/j.jretcon-
ser.2024.104077.

Zhang, M., Liu, Y., Wang, Y., and Zhao, L. 2022.

How to Retain Customers: Understanding
the Role of Trust in Live Streaming Com-
merce with a Socio-Technical Perspective.
Computers in Human Behavior, 127(Sep-

VOLUME 23 NUMBER 1 MARCH 2025

tember 2021). DOI: https://doi.org/10.1016
/j.chb.2021.107052.

Zhang, X. and Zhang, S. 2024. Investigating Im-

pulse Purchases in Live Streaming E-Com-
merce: A Perspective of Match-Ups. Tech-
nological Forecasting and Social Change,
205(May 2023). DOI: https://doi.org/10.10
16/j.techfore.2024.123513.

Zhou, M., Huang, J., Wu, K., Huang, X., Kong,

N., and Campy, K. S. 2021. Characterizing
Chinese Consumers’ Intention to Use Live
E-Commerce Shopping. Technology in So-
ciety, 67(September). DOI: https://doi.org/1
0.1016/j.techsoc.2021.101767.

110

OKTAVIANI (2025)




